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Object detection

Catagory:
TE{H - mean Average
Precision (mAP)

Bounding box:
M - 5GTHE
SE R
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Baseline rFaster R-CNNVIZ:
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Table 1 mAP Results on Test Data with Different Train Data
of butterflies

R 1 AFRBIEYIZRE T FISIRAEER mAP 553

W‘ ZF | VGG_CNN_M_1024 | VGG16
Train Data - - =

Data_1 59.8% 64.5% 72.8%
Data_2 73.3% 72.6% 76.1%
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