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T 1s the space of all possible transition functions.
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where
u(s, a) f /IG s,a,s )p(s'la, s, t)p(t) ds'dt.

Exploration reward:

u(s,a) = JSD{P(S|s,a,t) | t ~ P(T)}






Algorithm 1 MODEL-BASED ACTIVE EXPLORATION

Initialize: Transitions dataset D), with random policy
Initialize: Model ensemble, T' = {t1,t2, -+ ,tn }
repeat
while episode not complete do .
ExplorationMDP «+ (S, A, Uniform{7'},u, d(s;))
7 <— SOLVE(ExplorationMDP) U+
ar ~ 7(s;)
act in environment: s, 1 ~ P(S|s,, ar,t*)
D <+ DU{(sr,ar,5:+1)}
Train t; on D for each ¢; in T
end while
until computation budget exhausted
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Continuous Mountain Car environment
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