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* Training an effective detector often requires plentiful labeled data

which Is rather expensive and time consuming to obtain

* (Can not require more data from target domain

* Find a source domain whose label space is identical with the target

domain is difficult

* We assume a complicated and large enough unlabeled source domain

to make sure Its label space includes the target classes.

* Query from the source domain to boost the performance of target task.
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* We use one-stage detector. It will predict for each anchor box, which is

more favorable to active learning.

* To close the domain gap, we apply the Adversarial Domain Adaptation

to the model.

* We query the specific box instead of the whole image.

* We propose a method to train detector from partly labeled image.
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Classifier + Box regressor
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The model we used has 3 components: Domain Adapter, Classifier, Box Regressor.

We want to get a high performance model in target domain by qureying the least data

from source domain.
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Kenr nnoea

* We use one-stage detector. It will predict for each anchor box, which is

more favorable to active learning.

* To close the domain gap, we apply the Adversarial Domain Adaptation

to the model.

* We query the specific box instead of the whole image.

* We propose a method to train detector from partly labeled image.



More 'active’

A more 'active' way

« Only query the most informative instance, reduce the labeling cost.

* A more chanlenge setting (has to evaluate the informativeness and transferrability for each
anchor box whose amount is extremely large)
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