Semi-supervised Partial Multi-Label Learning
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An example for Multi-Label Learning
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I Partial Multi-Label Learning with Unlabeled Data
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I The Proposed Method

Motivation: Similarity tends to maintain consistency between
feature space and label space

Learning a similarity in the feature space
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Such similarity is expected to hold in the label space
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I The Proposed Method

The final loss function:
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can be solved by alternating optimization.



I The Proposed Method
Updating S:
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The optimization can be effectively solved by ADMM.

Updating P:
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Updating W:
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I Experiments

To do list:

« Comparison with partial multi-label learning
methods

« Comparison with semi-supervised multi-label
learning methods.

 Ablation Analysis
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