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Noisy Labels

1.Robust Loss/Architecture:  GCE,  SCE,  Curriculum Loss,
S-Model

2.Sample Selection: Decouple,  Mentornet,  Co-teaching,  SELF,
SELFIE,  Co-teaching+

3.Meta Learning:  Meta-Weight-Net,  MLNT,  Learning to reweight

4.Semi-supervised Learning:  DivideMix,  SELF
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Introduction

• Positive Learning(PL): Input image belongs to this 
label

• Negative Learning(NL): Input image does not belong 
to this label (complementary label)



4

Intuition

• If inaccurate labels, or noisy labels, exist, training with PL will 
provide wrong information, thus severely degrading 
performance.

• Training CNN to acknowledge that this image is not a bird is in 
some way an act of providing CNN the right information 
because a dog is clearly not a bird.
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Negative Learning

Training with PL:

Training with NL:
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Negative Learning

What are the solutions ?
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Algorithm (SelNLPL)

What are the solutions ?
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Method

What are the solutions ?
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Negative Learning

What are the solutions ?
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Experiments

What are the solutions ?
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Experiments

What are the solutions ?
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Experiments

What are the solutions ?
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Conclusion

• Utilizing the proposed NL, we introduce a new 
framework, called SelNLPL, for filtering out noisy 
data from training data.

• Our method does not require any prior knowledge of the 
type or number of noisy data points. It does not require any 
tuning of hyper-parameters that depend on prior knowledge, 
making our method applicable in real life.
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SELF: Learning To Filter Noisy Labels With
Self-Ensembling
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SELF-ENSEMBLE LEARNING

Exponential running average:
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Algorithm
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Experiments
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