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Introduction

Semi-supervised learning (SSL) is mostly dominated by consistency 
regularization based methods.

Heavily rely on domain-specific data augmentations, which are not easy to 
generate for all data modalities.



Overconfidence

So, why pseudo-labeling underperforms in SSL?
the erroneous high confidence predictions from poorly calibrated models.



Calibration of neural networks

The poor calibration of neural networks renders this solution insufficient -
in poorly calibrated networks, incorrect predictions can have high 
confidence scores.



Generalizing Pseudo-label Generation

The relationship between the Expected Calibration Error (ECE) score and 
output prediction uncertainties.



Negative learning

A binary vector representing the selected pseudo-labels in sample

Combine with uncertainty

Loss Function
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Ablation study



Generalizing Pseudo-label Generation



Learning from Crowds by Modeling Common Confusions
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Introduction

The annotation quality of annotators varies considerably



Introduction

The majority of annotators are not necessarily correct, as their mistakes 
are no longer independent.
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