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Domain Generalization

Domain Generalization: 
CANNOT see the target 
domain when training

Domain Adaptation:
CAN see the target 

domain when training
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ResNet-50 vs ViT-S/16

Performance comparison of ViT-S/16 (w/21.8M trainable parameters) with ERM and the 
ResNet-50 (w/25.6M) backbone with SOTA DG algorithms. ERM(RN-50), Fishr(RN-50), 
Swad(RN50/Ensemble) denotes the ResNet-50 trained with ERM, Fish, Fishr, and Swad 
respectively.
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An explanation of this phenomenon

How Do Vision Transformers Work? ICLR’22
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Overview architecture of GMoE
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Sparse MoE Layer

Cosine Router:

Sparse MoE layer:

Linear Router:
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Number of MoE layers: Every-two vs Last-two
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Experiments
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Experiments: Expert Selection
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A Stronger ResNet50
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Computational Cost Comparison
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When are Lemons Purple? The Concept Association Bias of CLIP

Q: The color of the lemon is [mask].

CLIP’s answer: Purple
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When are Lemons Purple? The Concept Association Bias of CLIP
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When are Lemons Purple? The Concept Association Bias of CLIP
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DALLE-2 is Seeing Double: Flaws in Word-to-Concept Mapping in Text2Image Models

a bat is flying over
a baseball stadium

a seal is opening a letter a bass lounging in 
a tropical resort in space
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DALLE-2 is Seeing Double: Flaws in Word-to-Concept Mapping in Text2Image Models

a fish and a gold ingot a fish and an ingot a zebra and a street a zebra and a gravel street


