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For a fixed MDP: 𝑀 = (𝑆, 𝐴, 𝑅, 𝑃, 𝛾) For a sequence of MDPs: 𝑀𝑖 = (𝑆, 𝐴, 𝑅𝑖 , 𝑃𝑖 , 𝛾)

share the state and action space



Background

Challenges:

1. Plasticity: learn new tasks 

after being trained on 

previous tasks

2. Stability: maintain 

performance on previously 

learned tasks while 

simultaneously learning new 

tasks.

3. Scalability: learn many tasks 

using limited resources



Method

ICLR 2026 under review
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Definitions：
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Q-Value-based Catastrophic Forgetting

Policy-based Catastrophic Forgetting
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Adaptive Meta Warm-Up



Experiments

Evaluation Metrics

Average Performance

Forward Transfer (FT)

Forgetting
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CRL for LLM

The state and action spaces of LLMs are inherently invariant.

𝑅: ℎ𝑢𝑚𝑎𝑛 𝑓𝑒𝑒𝑑𝑏𝑎𝑐𝑘 ⟷ 𝑜𝑏𝑗𝑒𝑐𝑡𝑖𝑣𝑒 𝑓𝑎𝑐𝑡𝑠

CPPO: Continual Learning for Reinforcement Learning with Human Feedback (ICLR 2024)



CRL for LLM

Reinforcement Fine-Tuning Naturally Mitigates Forgetting in Continual Post-Training


