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Table 1: Performance comparison of rating prediction. The smaller values, the better performance.
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Models PMF BiasMF LLORMA-Local I-AUTOREC I-CF-NADE GC-MC | MCCF-nd MCCF-cmp MCCFEF
Yel RMSE | 0.3967  0.3902 0.3890 0.3817 0.3857 0.3850 0.3836 0.3806 0.3806
P MAE | 0.1571 0.1616 0.1547 0.1201 0.1427 0.1354 0.1286 0.1029 0.1029
Amazon RMSE | 0.9339  0.9028 0.9019 0.9213 0.8987 0.8946 0.8942 0.8919 0.8876
MAE | 0.7113  0.6759 0.6725 0.7064 0.6565 0.6619 0.6595 0.6483 0.6428
Mavieleis RMSE | 0.9638  0.9257 0.9313 0.9435 0.9229 0.9145 0.9203 0.9142 0.9070
MAE | 0.7559  0.7258 0.7286 0.7370 0.7168 0.7165 0.7160 0.7081 0.7050
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Figure 3: RMSE and MAE on synthetic user-item bipartite
graph generated with three latent components.

(c) Node-level attention
weights  visualization for
the 10°" epoch.

(d) Component-level atten-
tion weights visualization
for the 10°" epoch.
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Figure 5: Impact of latent components numbers on three real datasets.
- RMSE
m MAE
8.4e0,
&395-
E a.;ga-. %
6.385:
0.336- 5 .
8 16 32 64 128 8 16 32 64 128 8 16 32 64 128
(a) Yelp. (b) Amazon. (c) MovieLens.

Figure 6: Impact of embedding dimensions on three real datasets.
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