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Introduction

Pose Sequences Refinement



Introduction

MPJPE (Precision) and Acceleration 
error (Smoothness) exhibit a 

conflicting relationship

Diff1: the difference between the predicted 
sequence and the gound-truth sequence
Diff2: the difference between two output 
sequences from training SynSP with a loss 
ratio of 0.5 and 5, respectively.



Method

Overview of SynSP



Method

Pose Similarity Encoding:



Method

Global Correlation Encoder: 

𝐸(𝒗,𝒕,𝒆) = 𝐹𝐶𝑁 (𝑃(𝒗,𝒕,𝒋))

𝐸((𝑣,𝑡),𝑒)
𝑔

= 𝐺𝑙𝑜𝑏𝑎𝑙 𝐸𝑛𝑐𝑜𝑑𝑒𝑟 (𝐸((𝒗,𝒕),𝒆))

𝐸((𝑣2,𝑡),𝑒)
𝑔 + 𝑃𝑆𝐸(𝑣1,𝑣2,𝑡) = 𝐸(1,(𝑣2,𝑡),𝑒)

𝑔
+ 𝑃𝑆𝐸(𝑣1,(𝑣2,𝑡),𝑒)

= 𝐸(𝑣1,(𝑣2,𝑡),𝑒)
𝑔



Method

Local Correlation Encoder:

𝐸(𝑣1,𝑡,𝑒)
𝑙 = 𝐿𝑜𝑐𝑎𝑙 𝐸𝑛𝑐𝑜𝑑𝑒𝑟 (𝐸(𝑣1,𝑡,𝑒))



Method

Base Decoder:



Method

Pose Quality Encoding:



Experiments

* indicates that SynSP is trained and tested in multi-view scenes.



Experiments

* indicates multi-view inputs.



Experiments

Ablation Study



Thank you for watching!


