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Motivation & Background

• T h e  u b i q u i t y  o f  s m a r t p h o n e 
photography has made taking photos 
effor t less ,  ye t  a  s ignif icant  gap 
remains between ordinary users and 
professional photographers.

• Profess ional  photographers  can 
i den t i fy  ae s the t i c  i s sue s  ( e . g . , 
imbalanced composition, improper 
l ighting) and provide actionable 
shooting suggestions. 

• The authors define this capability as 
Aesthetic Guidance (AG).
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Motivation & Background

• Existing multimodal large language models (MLLMs) primarily offer overly positive feedback, failing to identify issues 
or provide actionable guidance.
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Contribution

• We formally define aesthetic guidance (AG), an underexplored domain bridging subjective aesthetic 
understanding with objective, actionable shooting adjustments.

• AesGuide is presented as the first AG benchmark, annotated with aesthetic scores, analyses, and 
guidance, along with three evaluation metrics and expert assessments. 

• We propose Venus, a two-stage framework that first empowers MLLMs with AG capability and then 
unlocks their aesthetic cropping power via CoT-based rationales. 

• Extensive experiments show that Venus achieves SOTA performance in both AG and aesthetic cropping, 
enabling interpretable and interactive aesthetic refinement.



AesGuide Dataset

• It contains 10,748 real-world photos, each 
annotated with an aesthetic score, analysis, 
and guidance.

• The dataset is collected from two main 
sources: online platforms and professional 
photographers.

• However, these raw comments are often 
noisy and inconsistent, making them 
unsuitable for direct supervised fine-tuning.

• Benchmark: 1,000 images + GPT-4o automatic 
evaluation
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Overview of the Venus Framework



Aesthetic Guidance Capability Building

• We apply supervised instruction fine-tuning on 
the AesGuide dataset to equip the MLLM with AG 
capabilities.

• During this process, the visual encoder and 
modality connector are frozen, while only the LLM 
is updated.



Aesthetic Cropping Power Activation

• We activate the aesthetic cropping power of the 
aesthetic guidance MLLM using highquality CoT-
based rationales.

• AR-Generation. GPT-4o is prompted with the 
original image, where the cropping region is 
outlined in red, and instructed to explain why the 
area inside the box exhibits better or worse 
composition.

• AR-Validation. The generated rationales are then 
reviewed by Qwen2.5-VL-72B, which verifies 
whether each explanation aligns with the visual 
content and correctly evaluates the cropping quality.
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Ablation Study
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